Axon

Inhibitory axon terminal

‘/ f Excitatory axon terminal

Axon hillock

—— Ranvier node

7] —— Myelin sheath

Synaptic cleft
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1976)].
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of neural science, McGraw-Hill, 4th edition (2000)].
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Fig. 1. Summary of the neuro-computational properties of biological spiking neurons. Shown are simulations of the same model, Eq. (1, 2}, with different
choices of parameters. Each horizontal bar denotes 20 ms time interval, The MATLAB file generating the figure and containing ali the parameters can be
downloaded from the author's website. This figure is reproduced with permission from www.izhikevich.com. (Electronic version of the figure and reproduction

permissions are freely available at www.izhikevich.com).
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Figure 4: A close-up of the LZ-76 compiexity curves of Figures 2 and 3 in the
interval 50 < n < 200. It can be seen that the normalized complexity rate is
already close to the true entropy rate, the relative error being less than 14%
around n = 200 and 8% at n = 200 in either case.
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Figure 5: The standard extrapolation technique applied to the same cases as in

Figure 4 (sequence length = 200 bits} misses the true entropy rate value by a
relative error of 22% (first Markov process} and 24% {(second Markov process).
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